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D.	 Based on the results you obtained for part C, are politically knowledgeable people more likely to post 
social media messages about politics than those who know less about politics? Use the inferential statistics 
reported by R to assess the possibility that whatever differences you observe in this sample could be the 
results of random error, rather than a real effect of political knowledge.

E.	 Make the results of your logistic regression analysis clearer by creating a figure that shows the predicted 
probability of posting a social message about politics at varying levels of political knowledge. The y-axis of 
your plot should range from 0 to 1 and correspond to the predicted probability of posting a message. The 
x-axis of your plot should range from 0 to 8, which is the range of the political knowledge scale in the nes 
dataset.

3.	 (Dataset: world. Variables: democ_regime, frac_eth, gdp_10_thou.) In Chapter 5, you tested the following 
hypothesis: In a comparison of countries, those having lower levels of ethnic heterogeneity will be more likely 
to be democracies than will those having higher levels of ethnic heterogeneity. This hypothesis says that, as 
heterogeneity goes up, the probability of democracy goes down. You then re-ran the analysis, controlling for a 
measure of countries’ economic development, per-capita gross domestic product (GDP). For this independent 
variable, the relationship is thought to be positive: As economic development increases, so does the likelihood 
that a country will be democratic. In the current exercise, you will re-examine this set of relationships, using 
interval-level independent variables and a more powerful method of analysis, logistic regression.

	 The world dataset contains these three variables: democ_regime, frac_eth, and gdp_10_thou. The democ_
regime is coded “Yes” if a country is a democracy and “No” if it is not. We’ll transform these into 1’s and 0’s to 
create our dependent variable. The frac_eth variable varies between 0 (denoting low fractionalization) and 1 
(high fractionalization). The other independent variable, gdp_10_thou, measures per-capita GDP in units of 
$10,000.

A. 	Estimate a logistic regression model that explains the existence of democratic regimes as a function of 
GDP and ethnic fractionalization. The democ_regime variable has “Yes” and “No” values. So if you’re 
estimating the logistic regression model with the svyglm function and the world design dataset, you can 
use as.numeric($democ_regime=="Yes") as your binary response variable, or you can create a new 
variable and update the world design dataset as described in Chapter 8. For ease of reference, save the 
results of your estimation with an object name like model.democracy. Apply the summary function to 
your model and fill in the correct value next to each question mark.

Model Estimates Coefficient T-Statistic P-Value

Intercept 0.648 ? ?

gdp_10_thou 0.120 ? ?

frac_eth –0.265 ? ?

B.	 Now apply the orci function to model.democracy (or whatever you named the object that stores your 
estimation results). Fill in the correct value next to each question mark below.

Model Estimates Odds Ratio

Intercept ?

gdp_10_thou ?

frac_eth ?




