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the relationship is weak. Values close to the poles—to −1 for negative associations or to +1 for positive 
relationships—tell you that the independent variable provides a lot of help in predicting the dependent 
variable; the relationship is strong.2 

For measuring the strength of nominal-level relationships, the choices are more limited. A nominal-level PRE 
measure, lambda, is sometimes used. Granted, PRE measures are generally preferred over measures that do not 
permit a PRE interpretation. Even so, lambda frequently underestimates the strength of relationships, a problem 
that is especially acute when one of the variables has low variation. Therefore, when you are analyzing a relationship 
in which one or both of the variables are nominal, you will request Cramer’s V. Cramer’s V, one of a variety of 
chi-square–based measures, does not measure strength by the PRE criterion. However, it is bounded by 0 (no 
relationship) and 1 (a perfect relationship). Cramer’s V is particularly useful in evaluating controlled comparisons.

ANALYZING AN ORDINAL-LEVEL RELATIONSHIP

We will begin by using NES2012 to analyze an ordinal-level relationship. Consider this hypothesis: In a 
comparison of individuals, those having higher levels of education will have stronger pro-environmental 
attitudes than will those having lower levels of education. Dataset NES2012 has envjob_3, an ordinal variable 
that measures the extent to which respondents think that we should “regulate business to protect the 
environment and create jobs,” or have “no regulation, because it will not work and will cost jobs.”3 Responses are 
classified as pro-environment (“Envir,” coded 1), a middle position (“Mid,” 2), or pro-jobs (“Jobs,” 3). Envjob_3 
is the dependent variable. NES2012 variable, dem_educ3, is the independent variable. Dem_educ3’s ordinal 
categories: high school or less (“HS or less,” 1), some college (“Some coll,” 2), or college degree or higher 
(“Coll+,” 3). Open NES2012 and let’s perform the analysis.

First we will test the envjob_3–dem_educ3 hypothesis the old-fashioned way—by getting a cross-tabulation 
and comparing column percentages. Click Analyze  Descriptive Statistics  Crosstabs. Remember to put the 
dependent variable, envjob_3, on the rows and the independent variable, dem_educ3, on the columns. Request 
column percentages. Run the analysis and consider the output.

How would you evaluate the envjob_3–dem_educ3 hypothesis in light of this analysis? Focus on the 
column percentages in the “Envir” row. According to the hypothesis, as we move along this row, from lower 
education to higher education, the percentage of pro-environment respondents should increase. Is this what 
happens? The percentages run from 38.1 among the least educated, drop slightly, to 37.8, among the middle 
group, and then rise again, to 41.3, among those with a college education or higher. So, there is something on 
the order of a 3-percentage-point difference between the least- and most-educated respondents, not a terribly 
robust relationship between the independent and dependent variables. The 3-point gradient is similar—
perhaps slightly more systematic—along the “Jobs” row: 26.5 percent, 25.0 percent, 23.3 percent. Indeed, two 
political analysts might offer conflicting interpretations of these results. The first analyst might conclude that, 
yes, as education increases, pro-environment sentiments grow stronger, and pro-jobs attitudes become weaker. 


