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How would we interpret these estimates? As always, the constant estimates the value of the dependent variable 
when the independent variable is 0. Because males have a value of 0 on female, the mean thermometer rating of 
Barack Obama for males is 53.441, the intercept. The regression coefficient on female communicates the mean change 
in the dependent variable for each unit change in the independent variable. So when the dummy switches from 0 to 1, 
the Obama rating goes up, on average, about 5.8 degrees. We can use this value to estimate the mean rating for 
females: 53.441 + 5.777 = 59.218. So men rated Obama at about 53 and women rated him at about 59. Was this 
gender difference produced by random sampling error? Not according to the P-value, .000. Do gender differences 
account for a big chunk of the variation in Barack Obama thermometer ratings? Not exactly. According to the 
adjusted R-square, gender alone accounts for seven-tenths of 1 percent of the variation in the dependent variable. 
There must be other variables that contribute to the explanation of Obama’s ratings. Let’s expand the model.

We would expect partisanship to have a big effect on the Obama thermometer scale. Democrats should 
score higher on the dependent variable than do Independents or Republicans. Plus, we know that women are 
more likely than men to be Democrats, so the Obama_therm–female relationship might be the spurious result of 
partisan differences, not gender differences. NES2012 contains pid_3, which codes Democrats as 1, Independents 
as 2, and Republicans as 3. Because pid_3 is a categorical variable, we cannot use it in a regression—not in its 
present form, anyway. But we can use pid_3 to create a dummy variable for partisanship.

Actually, we need to create not one but two dummy variables from pid_3. Why two? Here is a general rule 
about dummy variables: If the variable you want to “dummify” has k categories, then you need k – 1 dummies to 
measure the variable. Because pid_3 has three categories, we need two dummy variables. One of these variables, 
which we will call demdum, is equal to 1 for Democrats and 0 for Independents and Republicans. The second 
dummy variable, repdum, is equal to 1 for Republicans and 0 for Democrats and Independents. Independents, 
then, are uniquely identified by their exclusion from both dummies. Independents have values of 0 on demdum 
and 0 on repdum. Consider this recoding protocol:

Party ID,
3 categories

Old value
(pid_3)

New value
(demdum)

New value
(repdum)

Democrat 1 1 0

Independent 2 0 0

Republican 3 0 1

Missing Missing Missing

We will create demdum and repdum one at a time. To create demdum, click Transform  Recode into 
Different Variables. (The gender recode is still in the window, so click Reset.) Follow these steps:

	 1.	 Click pid_3 into the Numeric Variable  Output Variable panel.

	 2.	 Click in the Name box and type “demdum.”

	 3.	 Click in the Label box and type “Democrat dummy.” Click Change.

	 4.	 Click Old and New Values.

In the Recode into Different Variables: Old and New Values window, recode old value 1, the pid_3 code 
for Democrats, into new value 1, the code for Democrats on demdum. Old values 2 and 3, the pid_3 codes 
for Independents and Republicans, are equal to new value 0, the code for Independents and Republicans on 
demdum. You can use the Range boxes in the Old Value panel to accomplish this change. Make sure that you 
recode missing values on pid_3 into missing values on demdum. The Old and New Values window should now 
look like the upper panel of Figure 9-2.

Repeat the recoding procedure, using pid_3 to create repdum. Return to the Transform  Recode into 
Different Variables window. To avoid confusion, click the Reset button first and then follow these steps:

	 1.	 Click pid_3 into the Numeric Variable  Output Variable panel.

	 2.	 Type “repdum” in the Name box.


